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Abstract 
This study scrutinizes the developments and main determinants of 

microfinance institutions’ efficiency in the South Asian region during 

the period of financial crisis for the year 2008 and 2009. The Data 

Envelopment Analysis (DEA) methodology is used to obtain efficiency 

estimates and afterwards a Tobit model is run to uncover its main 

determinants. The first result signifies that the South Asian 

microfinance institutions experienced average inefficiencies of 20.15% 

and 12.2% and for Technical Efficiency (TE), and Pure Technical 

Efficiency (PTE) respectively for the period of study. Furthermore, the 

main determinants of increased microfinance institutions’ efficiency 

are borrower per staff, maturity of microfinance institution, small loan 

portfolio and write off ratio; on the other hand, other financial 

services, individual lending methodology and the nature of institutions 

in being non-bank financial intermediary reduce the efficiency. 
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I. Introduction 
 Microfinance services are provided to alleviate the prevailing poverty in different 

parts of the world. About 1.4 million populace of the world is classified to be spending 

their lives in poverty; which is more than 1 in 5 people in the world. It signifies the value 

of microfinance as a prospective tool for poverty alleviation. Recently more attention has 

been paid to entail the goals, success factors and limitations and their relation to poverty 

alleviation. Lending’s, savings and other basic services are provided by microfinance to 

poor credit clients and low income populace who have limited or no access to financial 

banks  by (Robinson, 2001), (Morduch & Haley, 2002). 
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 Microfinance institutions (MFIs) operate as non-profit organizations; aiming to 

serve economically active poor who are deprived of having access to financial services 

being provided by traditional commercial banks due to lack of collateral. Their funds 

arise from donations, subsidy grants and deposits along with this they have a social face 

too. Donor agencies do not only consider the financial aspects of MFIs rather they also 

guesstimate the social aspects. This double orientation of microfinance institutions makes 

their performance estimation to be based on double bottom line: financial (1
st
 bottom 

line) and social (2
nd

 bottom line). 

 

 There has been a global financial crisis starting in the mid of 2007 and ending in 

late 2009 and early 2010. Earlier it was assumed that the microfinance sector cannot be 

affected by the financial crisis; but in times of the crisis this sector has been observed to 

be badly influenced in many parts of the world. It reported bankrupted and DE liquidated 

MFIs; ceasing operations and worn out conditions. In developing countries in some parts 

microfinance operations completely turned into losses whereas in others less influence is 

seen. 

 

 The significance of investigating the efficiency of South Asian MFIs can be 

validated by the certainty that South Asian MFIs play an imperative role by fulfilling the 

services provided by commercial banks. The existence of banks, financial institutions and 

microfinance institutions wholly maintains the financial sector. Both elements (financial 

and social aspect) are considered to account for the efficiency. The main goal of the study 

is to identify the determinants of efficiency of South Asian Microfinance Institutions in 

era of financial crisis.  

 

 MFIs work differently than commercial banks, although it does not indicate that 

MFIs are not interested in profit generation and efficient operations. For MFIs, efficiency 

denotes the best allocation of inputs (such as staff, assets and operating expenses) to 

produce utmost outputs (as poverty outreach, financial self-sufficiency and number of 

loans). Though, existing techniques for estimating the traditional banking performance 

cannot be utilized here. Data Envelopment Analysis (DEA) technique is well suited in 

efficiency context as it allows for multivariate analysis and Tobit regression is applied for 

finding determinants. 

 

 The paper is organized as follows: the next section presents a brief review of 

various studies conducted on efficiency of banks and microfinance institutions. The third 

section explains the data collection and methodology to be used. Results are discussed in 

section five. Finally the conclusions are drawn in sixth section. 

 

II. Relevant Studies on Efficiency of Banks and Microfinance 
 Over several past years, research has been done to measure financial institutions’ 

efficiency. Various studies found inefficiencies to be quite large. No widespread opinion 

is made on the sources of variations and differences in measured efficiency. (Berger & 

Humphrey, 1997) investigated 3 types of sources i.e. differences in efficiency concept, 

differences in the methodology of efficiency measurement and efficiency correlation that 

may explain the efficiency differences. Technical efficiency scores often vary 

significantly across different studies in accordance with the methods and definitions used 

(Berger & Humphrey, 1997). 
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 (Drake, Hall, & Simper, 2003) uses data envelopment analysis in Japanese 

banking sector by using cross section sample. Efficiency analysis is done across banks, 

banks size and banks types. Following (Berger & Humphrey, 1997)problem loans are 

controlled. Relationships of powerful size efficiency are established. The results suggest 

that controlling the problem loans’ impact is important for Japanese banks. 

 

 The determinants of bank performance in the transition economies were 

investigated. Efficiency scores are estimated by applying DEA approach, then run a Tobit 

expurgated regression so as to get the determinants of bank efficiency. Their main results 

propose that foreign possession and consolidation increase the efficiency of banks 

(Grigorian & Manole, 2002). DEA technique was applied (Dehejia & Wahba, 2002) so as 

to analyze whether or not the productive bank efficiency of European banking systems 

has progressed and touched to a common frontier for the time period 1993-1997. They 

conjointly use a Tobit regression to identify the important determinants of European bank 

efficiency. Their main results show that profit ratios have a positive relation with 

efficiency of European Banks (Casu & Molyneux, 2003), (Pasiouras & Kosmidou, 2007) 

examine the cost efficiency of Greek banks and its determinants. For this DEA approach 

is applied to estimate technical, allocative and cost efficiency.  

 

 Cost efficiency of micro finance institutions across Asia, Africa and Latin America 

is examined by(Haq et al., 2009) for this, non-parametric data envelopment analysis is 

used. Results reveal that nongovernmental MFIs are most efficient under production 

approach. This result show the success of dual objectives fulfilment of MFIs: reducing 

poverty and attaining financial sustainability.  

 

III. Data and Methodology 
 This section explains the data collection, approaches used and the selection of the 

variables with the formulated models. 

 

A. Sample Data 

 A sample consisting of 170 South Asian MFIs is used in the study for the period of 

financial crisis i.e. 2008-2009. The segregation of sample is given below. The data has 

been taken out of the financial statements provided by these selected MFIs from their 

respective websites and MIX market. For making the data homogeneous for all countries, 

the data is taken in U.S Dollars.  

 

Table 1: Sample of MFIs 

Sample of MFIs 

Total Sample AFG BGD IND NPL PAK SLK 

170 14 28 77 19 18 14 

 

 Only those MFIs are taken in this sample, whose data is available for both years 

i.e. of 2008 and 2009, representing financial crisis. Therefore the data represents a 

balanced panel data. 
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B. Methodology 

 DEA was initially developed by Charnes et al., 1978 and it involves calculating 

the efficiency by comparison of aggregate input/output ratios of all firms having 

piecewise frontier surface (showing fully efficient operation) developed from data set by 

linear programming. Standard estimation of efficiency is divided into two models; 

Charnes-Cooper-Rhodes (CCR) model and Banker-Charnes-Cooper (BCC) model. Both 

of the models allow technical efficiency (TE) to be further divided into two components; 

pure technical efficiency (PTE) and sale efficiency (SE) Coelli, T. (1996).The main 

difference between CCR model and BCC model is treatment of return-to-scale. CCR 

model assumes that all Decision making units (DMUs) operate with constant return-to-

scale (CRS).BCC model allows for the variable return-to-scale (VRS). 

 

 The study involves two steps to construct the efficiency model for Microfinance 

Institutions. The first step is to calculate the technical efficiency by using DEA (Farrell, 

1957) and (Drake et al., 2003) The second step is to find those factors which affect the 

efficiency by using Tobin (1958), it is a nonlinear model. It is estimated by using 

maximum likelihood estimation techniques. Below is a summary of the inputs and 

outputs used in both models and of the corresponding definitions.  

 

Table 2: Definition of inputs and outputs DEA 
Variable name Abbreviation Formula Description 

Output 

No. of women 
borrowers 

NWB No. of borrowers * percent of women borrowers 

Gross loan 
portfolio 

GLP 
Gross Loan Portfolio, adjusted for standardized 

write-offs 

No. of loans 
outstanding 

NLO 
Number of Loans Outstanding, adjusted for 

standardized write-offs 

Return on 
assets 

ROA 
(Adjusted Net Operating Income - Taxes) / 

Adjusted Average Total Assets 

Input 

Assets TA 
Total assets, adjusted for inflation and 

standardized provisioning for loan impairment 
and write-offs. 

Personnel PER Total number of staff members. 

Operating 
expense 

OE Personnel expense + All administrative expense 

 

Table 3: Description of variables Tobit 
Variable ABB Formula description 

Independent Variables 

Age Age Years functioning as an MFI 

Borrowers per Staff BPS 
Number of Active Borrowers / Number of 

Personnel 

Debt to Equity ratio DER Total Liabilities / Total Equity 

Financial expense to 
assets ratio 

FEP
A 

(Cumulative expense in form of interests, fees, 
commission incurred on liabilities including 

borrowings, subordinated debt, deposits and other 
liabilities) / Total Assets 

Financial Self FSS Adjusted Financial Revenue / Adjusted (Financial 
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Sustainability Expense + Impairment Losses on Loans 
+Operating Expense) 

Number of active 
borrowers 

NAB 
Number of Borrowers with loans outstanding, 

adjusted for standardized write offs 

Offices 
Offic
es 

Number of offices, including head office. 

Operational Self 
Sustainability 

OSS 
Financial Revenue / (Financial Expense + 
Impairment Losses on Loans + Operating 

Expense) 

Portfolio at risk (30 
days) 

PAR Portfolio at risk (30 days) / Gross loan portfolio 

Return on Equity ROE (Net operating income – Taxes) / Average equity 

Write off Ratio 
WO
R 

Value of loans written off / Average gross loan 
portfolio 

Yield on Gross Portfolio 
YOG

P 
Cash financial revenue from loan portfolio / 

Average gross loan portfolio 

Dummy Variables 

Afghanistan AFG 

1 if MFI operates 0 otherwise 

Bangladesh BGD 

India IND 

Nepal NPL 

Sri Lanka SLK 

Year Year 1 if the year is 2008, 0 for 2009 

Regulated REG 1 if MFI is regulated, 0 otherwise 

Mature MAT 1 if MFI is mature (≥8 years), 0 otherwise 

Other financial services OFS 
1 if MFI provides other financial services, 0 

otherwise 

Non-Governmental 
Organization 

NG
O 

1 if MFI is an NGO, 0 otherwise 

Non-Bank Financial 
Intermediary 

NBF
I 

1 if MFI is an NBFI, 0 otherwise 

Individual Lending IL 1 if MFI uses individual lending, 0 otherwise 

Group Lending GL 1 if MFI uses group lending, 0 otherwise 

Village Lending VL 1 if MFI uses village lending, 0 otherwise 

Small 
Sma

ll 
1 if MFI is small (<15M USD in gross loan 

portfolio) 

 

C. Extended Model 

 For DEA, Y is simply the calculated efficiency score i.e. Scale Efficiency. Thus 

the equation for Tobit analysis involves the explanatory variables too and is as follows: 

 

                                                    
                                              
                                              
                                               
                                           
              

 



1094      Pakistan Journal of Social Sciences Vol. 36, No. 2 

D. Descriptive of Variables 

 The descriptive statistics includes mean, standard deviation, minimum and 

maximum range. The values are given in table 5. 

 

Table 5: Descriptive Statistics for the variables 
Variable 

Name(unit) 
Obs Mean Max Min Std. Dev. 

AGE (yrs) 340 12.84 51.00 0 9.70 

BPS (no.) 340 191.24 1862.67 0 176.65 

DER 340 -0.44 106.54 -2478 137.22 

FEPA 340 0.057 0.29 0 0.04 

FSS 340 0.579 1.83 -0.68 0.54 

NAB (no.) 340 266920.5 6430000 0 907066 

OFFICES (no.) 340 137 3304 0 425.95 

OSS 340 1.03 2.21 -0.68 0.36 

PAR 340 0.067 1 0 0.14 

ROE 340 0.287 35.46 -4.47 2.39 

WOR 340 0.02 1.27 0 0.08 

YOGP 340 0.12 0.44 -0.12 0.10 

 

 Total number of observations for each variable is 340 i.e. for both years under 

study. The mean shows the average for each variable whereas the standard deviation 

shows the deviation from the mean value. The minimum and maximum value shows the 

range to which the value for the particular variable extends. 

 

E. Descriptive for the inputs and outputs 

 The following table gives the mean value, standard deviation, maximum and 

minimum range for the inputs and outputs considered under study: 

 

Table 6: Descriptive for Inputs and Outputs 
Variable Name 

(unit) 
Obs Mean Max Min Std. Dev. 

Inputs 

TA ($) 340 48154042 1410000000 0 153000000 

PER (no.) 340 1221.52 26749 0 3621.09 

OE ($) 340 4128827 98991879 0 12278710 

Outputs 

NWB (no.) 340 241351.4 6223597 0 858849 

GLP ($) 340 36491109 961000000 0 115000000 

NLO ($) 340 303507.8 6519415 0 979888 

ROA 340 -0.01 0.11 -0.64 0.09 

 

 Total number of observations for each input/output is 340 i.e. for both years under 

study. The mean depicts the average value for each variable whereas the standard 

deviation reveals the deviation of the variable from its mean value. The standard 

deviation is found to be high in the financial crisis time period. The minimum and 
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maximum value shows the range to which the value for the particular input/output 

extends. 

 

IV. Results and Discussion 
A. DEA analysis of South Asia 

 While doing analysis for DEA results, firms’ efficiency is seen through CRS, VRS 

and Scale efficiency. CRS holds true when all the firms (DMUs) are operating at 

optimum scale, whereas market and economic conditions like imperfect competition, 

accessibility to funds does not let this happen, thus DMUs are variant while showing 

functionality. VRS represents the variations from the optimum scale. The value of the 

scale efficiency is taken by CCR/VRS. The results are calculated by using the Data 

Envelopment Analysis Program (DEAP). 

 

 The results of the CCR model reveal that during the period of study only sixty two 

for 2008 and thirty nine for 2009 (on 170) microfinance institutions were efficient. The 

average efficiency was 0.867 for 2008 and 0.800 for 2009. This shows that an average 

institution which is functioning on the efficient border requires only 86.7 percent (2008) 

and 80 percent (2009) of the inputs currently employed. In terms of average of 

inefficiency average, it would have required 15.3 percent (on 2008) and 25 percent (on 

2009) of inputs supplementary to produce the same outputs as needed by an efficient 

institution. For the study period average inefficiency for technical efficiency is 20.15%. 

  

Table 7: Results of CCR & BCC model for South Asia 

Results of CRR- BCC model 

2008 2009 2008 2009 

Number of DMU 170 170 170 170 

Number of efficient DMU 62 39 97 80 

Average of efficiency M 0.867 0.800 0.909 0.874 

Average of inefficiency (1-M)/M 0.153 0.25 0.1 0.144 

Percentage of the DMU in 1 36.47% 22.94% 57.05% 47.05% 

 

 The results of the BCC model show that during study period only ninety seven for 

2008 and eighty for 2009 (on 170) microfinance institutions were efficient. The average 

efficiency was 0.909 for 2008 and 0.874 for 2009. This shows that an average institution 

which is functioning on the efficient border requires only 90.9 percent (2008) and 87.4 

percent (2009) of the inputs currently used. In terms of average of inefficiency average, it 

would have required 15.3 percent (on 2008) and 25 percent (on 2009) of inputs 

supplementary to produce the same outputs as needed by an efficient institution. For the 

study period average inefficiency for pure technical efficiency is 12.2%. 

 

 If we consider variable returns on scale i.e. BCC model, we have not found a lot of 

change for the same period of analysis. The microfinance institutions show a higher 

average efficiency under variable return on scale because the DMUs which showed 

efficiency in the CCR model are also accompanied by other new efficient DMUs that can 

increase or decrease the return on scale. However, under both suppositions whether 

constant return on scale or variable return on scale, one can conclude that the 
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microfinance institutions in South Asia move towards the equalization while referring 

their technical efficiency. 

 

 The efficient MFIs are of modest size structure if we consider their number of 

employees (personnel). These MFIs show the common thing that their transaction cost 

(between MFI and borrowers) is comparatively low than inefficient MFIs. So it can be 

inferred that the strength these organizations have is their ability to develop trust with 

their borrowers that reverberates in a positive manner by lower transaction costs. Thus 

two things are found by these results, first is the ability to develop a trusty contact with 

credit borrowers (as a result of their average size), and second is to maintain it due to a 

financial stability and solidity. It is suggested that other factors are also found to 

influence the cost per borrowers such as the geographic location where urban transaction 

costs are lower. Moreover MFIs are found to be improving their outreach by targeting the 

women borrowers which have brought a good change in MFIs financial returns. 

 

B. Tobit Results 

 The calculated scale efficiency is considered for estimating the results of Tobit 

over the study period. Location dummies for five countries have been included. All 

explanatory variables accounted for the SFA model are taken in here in Tobit estimation 

of DEA estimates. A year dummy is added to account for the effect of the time period 

taken to study. Following table is presenting the results. 

 

 Table 9: Tobit results based on DEA efficiency estimates 
Variable Coefficient Std. Error z-Statistic Prob 

AFG 0.178163*** 0.049489 3.60002 0.0003 

AGE -0.00098 0.001362 -0.72118 0.4708 

BGD 0.042041 0.040448 1.039391 0.2986 

BPS 0.000171*** 6.72E-05 2.541838 0.011 

DER -0.00022 0.0005 -0.43975 0.6601 

FEPA -0.4371 0.288798 -1.51353 0.1301 

FINSERVICES -0.03333* 0.018732 -1.77943 0.0752 

FSS 0.019701 0.056155 0.350832 0.7257 

GRPLENDING 0.028165 0.019014 1.481226 0.1385 

IND -0.0248 0.032719 -0.75784 0.4485 

INDLENDING -0.03633*** 0.017328 -2.09635 0.0361 

MATURE 0.047911* 0.025961 1.845507 0.065 

NAB 2.77E-08 3.13E-08 0.885248 0.376 

NBFI -0.07852*** 0.029841 -2.63131 0.0085 

NGO -0.01812 0.029116 -0.62247 0.5336 

YEAR 0.066534 0.056497 1.177644 0.2389 

WOR -0.47145*** 0.108093 -4.36153 0 

YOGP 0.103148 0.117149 0.880484 0.3786 

VLGLENDING -0.02578 0.025156 -1.02476 0.3055 

SMALL 0.076383*** 0.023363 3.269403 0.0011 

ROE -0.00543 0.003477 -1.56084 0.1186 

SKL 0.179393*** 0.046382 3.867748 0.0001 

REG 0.011038 0.021563 0.511911 0.6087 

PAR -0.02169 0.0688 -0.31521 0.7526 

OSS -0.03386 0.041856 -0.80892 0.4186 

OFFICES -3.00E-05 6.79E-05 -0.44114 0.6591 



Waqar Akram, Syedah Shan, Suman Shaikh, Ubaid Ullah Yashkun  1097 

NPL 0.022294 0.04159 0.53604 0.5919 

C 0.896763 0.065271 13.73897 0 

Error Distribution 

SCALE:C(29) 0.136362 0.006765 20.15623 0 

Mean dependent var 0.921511 S.D. dependent var 0.124018 

S.E. of regression 0.108341 Sum squared resid 3.603482 

Log likelihood 55.49814 Avg. log likelihood 0.165173 

*** 5 percent, ** 10 percent 

 

 The result for location dummies revealed Afghanistan and Sri Lanka to be 

significant with positive value. This is indicating the positive effect of the geographic 

dispersion. Bangladesh, India and Nepal are not found to be significant with efficiency. 

 

 Above results show that offices, OSS and ROE show the unexpected negative sign 

with insignificant results. Their probability values are also larger than 0.1 showing 

insignificance. Offices are measuring the size of MFI which is also not influencing the 

efficiency of MFIs. OSS is showing that MFIs are not covering their costs very well 

through their operating revenues. ROE calculates the average equity over the period and 

is net of profit or revenue taxes. OSS and ROE determine the financial performance of 

MFIs. Their negativity is representing the losses or negative financial returns which MFIs 

faced during the period of study under observation. But as that was the condition being 

faced globally, so it is not found to be affecting the efficiency.  

 

 Age, DER, FEPA ratio, FSS, NAB, YOGP, regulation (dummy) and portfolio at 

risk (PAR) show the expected signs but are insignificant. Age is measuring the 

experience of MFI in the field and is showing that experience affects the efficiency. That 

means the number of years an MFI is in operations has nothing to do with efficiency 

when economy is in downturn. Their probabilities are showing insignificance as their 

value is more than 0.1. DER, FEPA, FSS, YOGP and PAR are financial indicators. DER 

explains the financing structure of MFIs that on what amount of equity MFI is having 

debt. It has negative sign which shows that DER negatively affects efficiency. But our 

results are not significant for DER, so for this data it is not indicating any effect. FEPA 

and PAR showed negative relation with efficiency estimates of MFIs. FEPA shows the 

financial efficiency of MFIs. It is explaining the increase in the financial expense over 

time across group. PAR measures the risk and liquidity of an MFI and it depicts the 

quality of the provided portfolio and is showing that there are amounts of loans past 

principal that are still to be paid back.  

 

 FSS is having insignificant positive sign. It indicates that MFIs are covering their 

costs. It is also showing that MFIs are trying to cover their costs when their operations 

are unsubsidized. YOGP measures returns which an MFI earns in return for its provided 

loan portfolio is somewhat according to the requirement but it is not significantly 

affecting the efficiency. NAB depicts the outreach of MFI. The issue of tradeoff between 

efficiency and outreach has been largely debated between two schools of thoughts. 

Welfarists support the goal of outreach and institutionalists give more importance to the 

sustainability and efficiency considerations. Its insignificance indicates that NAB does 

not affect the efficiency of MFIs.   
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 BPS and WOR show significant results with the expected sign. BPS is the 

governance indicator. It is significant at 1 percent. Its coefficient is showing that if it is 

increased or decreased by 1 unit, the efficiency of MFIs will increase or decrease 0.01 

percent. WOR is financial performance indicator. WOR measures risk an MFI is facing. 

WOR is comparatively high and showing that MFIs are having problems in collection of 

their loans provided. WOR is significant at 1 percent. The p value for WOR is 0, and 

coefficient is negative. It is showing that if there comes a 1 unit increase in WOR, the 

efficiency will be decreased by 47 percent. 

 

 The results for the included dummies show variety. MFIs that are providing other 

financial services show the positive relation with the efficiency and it is significant. It 

indicates that MFIs providing financial services other than loan provision (e.g. insurance 

etc) then it is negatively affecting their efficiency. 

 

 Three lending dummies were included in the Tobit analysis. No dummy showed 

the significant result. Group lending indicated the positive relation with the efficiency of 

MFIs but individual and village lending showed a negative relation. This is quite true for 

the scenario for many of MFIs. Individuals may become a victim to bankruptcy or can be 

fraudulent. Village lending increase the transaction cost for MFIs to bear. So now MFIs 

are now prefer group lending as they find it credible and less costly. The time period of 

study was of economic crisis which MFIs faced, so the results are not significantly 

related to efficiency estimates. 

 

 Two dummies based on MFIs nature, showing MFIs’ profit or non-profit nature of 

operations, were also included in the tests. They are NBFI and NGO. Both dummies 

resulted to be in negative relation with the efficiency but NGO is insignificant and NBFI 

is significant at 10 percent. It indicates that NBFI negatively affects the efficiency. The 

current trend of MFIs is to move from non-profit activities to profit ones. This shift is the 

reason of the crisis and losses which MFIs were facing. The drawback of the profit 

movement of MFIs is that in the start the institution has to bear much cost for this shift. 

Moreover MFIs increase their interest rates to yield high returns which in longer turn 

make their borrowers shift towards commercial institutions. Being profitable is beneficial 

for MFIs in two manners; one is that they being financially stable to operate their 

activities and second is that they no longer remain dependent upon subsidies or grants. 

Year 2008 is the period for start of financial crisis. MFIs with their profitable operations 

were able to sustain through this crucial time horizon.  

 

 Two dummies gave positive and expected result as expected. Mature is significant 

at 10 percent and Small is significant at 1 percent. Their probability values also showing 

significance. The coefficients are positive which are showing that if there comes any 

increase in the variable, then efficiency will also be increased. An MFI is considered to 

be mature if its operating period is equal to or greater than 8 years since its inception. It 

shows that the more experienced an MFI is, the more efficient it is. Small indicates that if 

the institution’s gross loan portfolio is less than or equal to 15 M in terms of USD then it 

is more likely to be efficient. It probably shows that the returns are profitable and high on 

the loan portfolio provided. 
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V. Conclusion 
 The paper analyzed the developments of MFIs’ efficiency and its determinants for 

South Asian MFIs for the period 2008-2009. By making use of the DEA methodology, 

three measures of efficiency were guesstimated, namely: Technical Efficiency (TE), Pure 

Technical Efficiency (PTE) and Scale Efficiency (SE). Subsequently, the determinants of 

efficiency were attained by running a Tobit regression having bootstrapped standard 

errors. The key results indicate that the average bank inefficiencies for the period of study 

are 20.15% and 12.2% for TE and PTE respectively. Furthermore, the main determinants 

of increased microfinance institutions’ efficiency are borrower per staff, maturity of 

microfinance institution and small loan portfolio; on the other hand, other financial 

services, individual lending methodology and the nature of institutions in being non-bank 

financial intermediary reduce the efficiency. 
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